Weekly Report

November 18, 2017

1 Work

This week, we have employed k-means method to speed up the embedding process of
Largevis. We have achieved about 5 times acceleration on MNIST. The whole embed-
ding process includes three stages:

1) At first, all data points are initialized randomly. Similar data will group into
small cluster during the optimization process.

2) Since we have observed many small clusters, it is more efficient to merge two
similar clusters by moving the whole cluster instead of moving each point. Thetefore,
we perform k-means to group small clusters. When we compute the gradient for a data
object, we assign the gradient to the whole cluster which the data object belongs to.

3) Similar clusters will merge into a large cluster within several steps. Then, we stop
using k-means result and refine the embedding result at the data point level.
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2 Paper Reading

2.1 Learning Transductive Network Embedding
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Fig.]l Traditional unsupervised embedding learning and classification
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Fig.2 Transductive embedding learning and classification
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Figure 1: 1

2.2 Fast, Warped Graph Embedding: Unifying Framework and One-
Click Algorithm
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2.3 ARC: A Pipeline Approach Enabling Large-Scale Graph Visualiza-
tion
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2.4 Asymmetric Transitivity Preserving Graph Embedding
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Figure 2: 4

2.5 Stochastic Dual Coordinate Ascent Methods for Regularized Loss
Minimization
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